T RIS AR A A A R R

[ZLC&HIC

DIRECT ;&M % B Mix#E L EE~ D LR

B 2T, E RS, A msET, 2R Ok#
MREHR RS T AR T2

% BN LD BAET SV — N2 ST 22 L THhD. LonLads, EigEizLo%
< DL BNEELITEIZEBNT, Nb— MRl RAITH B0, HFdhi L — MEREE T
HENEIDERHWTE RV, £ZT, KX TREHEEOB O AL — MiZEHTX 5L HK
B CFEORREE DT, HHEN T — MEDEEMEZR 1N LS8 512i%, BREROS v
RRy—TREEL 7257280, WRERDOEBRERONDIWERB/NELEZZ OND. 22T, HR
DT v RRy—T %55 H 15 H— H i@ FE DIRECT (Dlviding RECTangle) 237EH
SINTWA. KX TiE DIRECT %% Hi@E bz L7=2 B DIRECT F¥ NSDIRECT
(Non-dominated Sorting DIRECT) ##:43 5. NSDIRECT XV — AT 7 u—F%H
WEFRETHY, 2R E LTHERY — b (Non-Dominated Sort) IZL 5T ¥ v 7 Lk
HEWBE (Crowding Distance) #3261F 5 5. NSDIRECT OVEREZ MRFET 5 72912 Angelo & D
MODIRECT (Multi-Objective DIRECT) & it USIERBREIT- 7. ZDOFiE, NSDIRECT
1Z MODIRECT X ¥ IEMEICHEREMD T v A —TF 2R TN TE, IMIESOREI
WERH L.

Tomoyuki HIROYASUT, Luyi WANG'!, Hroyuki ISHIDA'", Mitsunori MIKI *

f Department of Life and Medical Sciences, Doshisha University
T Graduate School of Engineering, Doshisha University
¥ Department of Science and Engineering, Doshisha University

The goal of multi-objective optimization problems is to obtain pareto optimal solutions.
However, in many optimization problems like real world problems, optimal solutions are
unknown, so it is hard to judge whether the obtained solutions are truly optimal or not. In
this paper we propose an optimization method that is capable of obtaining pareto solutions
with high reliability. The landscape of the search space is important to improve the reliability
of the obtained solutions, therefore a search that obtains information of the search space
becomes necessary. From this reason a single objective optimization method called DIRECT
has attracted much attention in this field. In this paper, we propose a multi-objective
DIRECT algorithm called NSDIRECT (Non-dominated Sorting DIRECT), which adapts
DIRECT to multi-objective optimization. NSDIRECT is a method that uses pareto approach
and utilizes Non-dominated Sort and Crowding Distance. The effectiveness of NSDIRECT
was examined through numerical experiments comparing with MODIRECT (Multi-Objective
DIRECT) proposed by Angelo. From the conducted numerical experiments, it was found
out that the landscape information of the search space obtained by NSDIRECT is more
accurate, and the accuracy of the obtained solutions are also improved.
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